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This paper describes a spacecraft trajectory planning algorithm based on the calculus of variations which can solve
6-DOF spacecraft docking and proximity operations problems. The design of a cost functional which trades off fuel
use, obstacle clearance distance, and arrival time is discussed. The nonlinear orbital dynamic equations are treated as
dynamic constraints. The Euler–Lagrange equations for this functional are derived, as is the Pontryagin criteria for the
optimal control input given realistic saturating on–off thrusters. The indirect collocation method is chosen to solve the
attendant boundary–value problem for its lack of sensitivity to initial conditions; continuation is used to further improve
the algorithm’s robustness. The manipulation of the Euler–Lagrange equations and the transversality condition into a form
suitable for use with existing collocation codes is discussed. Trajectories are shown for a variety of orbital maneuvers,
culminating in an end–to–end docking maneuver with a tumbling satellite.

1 Introduction

A successful autonomous spacecraft must be able to navigate intelligently. Intelligent navigation entails finding and follow-
ing collision–free paths through space which can be traversed in a “reasonable” time and which use a “reasonable” amount
of fuel. Several spacecraft have been recently proposed for which intelligent navigation abilities are either desirable or
necessary, including NASA’s Personal Satellite Assistant (PSA) [1], Daimler–Chrysler’s ISS Inspector, [2], the European
Space Agency’s Automated Transfer Vehicle (ATV) [3], and DARPA’s Orbital Express vehicle[4]. All of these vehicles
must move about in constrained environments; most will also need to contact certain objects in their environment. PSA and
Inspector will need to berth themselves to recharge their batteries and fuel supplies; ATV must dock with an ISS docking
target; and Orbital Express must grapple satellites.

In order to fulfill the requirements for these robotics missions, trajectory planning algorithms which find low–fuel paths
through space while avoiding obstacles must be developed. For ATV and Orbital Express in particular this is a difficult
problem since these vehicles will in general start in different orbits from their docking targets; trajectory planners for these
vehicles must therefore combine “long range” orbital maneuvering, with its attendent nonlinear dynamics and fuel use
problems, and “short range” proximity operations where collision avoidance is paramount.

Techniques for planning trajectories for orbital maneuvering have been used successfully for many years, but these
techniques do not generally deal with obstacle avoidance problems. On the other hand, most trajectory planning tech-
niques which do deal with obstacles were developed for terrestrial applications such as wheeled robots or manipulators.
Unfortunately, these algorithms do not work well when applied to spacecraft because many of the assumptions upon which
they are based on do not hold in space. Notably, dynamic effects cannot be ignored. Also, fuel conservation is typically
much more important in space applications than in terrestrial robotic problems. Arrival time may also be an important
factor, as for certain orbital maneuvering problems the minimum fuel trajectory may require an infinite travel time. Tech-
niques which can generate paths which satisfy orbital and attitude dynamic constraints, trade off fuel use and obstacle
clearance distance, satisfy a broad spectrum of endpoint constraints, deal with moving obstacles, and optimize completion
time are therefore needed. This paper describes a family of algorithms based on the calculus of variations which satisfies
these requirements. The algorithm utilizes a cost functional which penalizes fuel use and obstacle clearance distance, and
finds the trajectory which optimizes this cost functional, subject to a set of boundary constraints which may be specified to
allow for fixed or free arrival location and completion time.
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2 Background

There are a wide variety of techniques which have been developed for solving specific orbital maneuvering problems.
Orbital transfers with free transfer times, such as the Hohmann transfer [15] and the bi–elliptical transfer [14], are well
known, as are techniques for intercepting specific points in space with or without specified transfer times [31], [12]. These
techniques generally constitute fuel–optimal solutions and respect dynamic constraints. Although they assume impulsive,
non–saturating thrusters, this assumption is generally valid given the output ability of chemical thrusters and the time
scales of most orbital transfer problems. The techniques do not, however, provide obstacle avoidance, nor do they deal
with coupled translation–rotation maneuvers.

There are, additionally, a number of techniques for spacecraft proximity operations in cluttered environments. Cell
decomposition techniques typically entail forming a discretized grid–like version of the state space and then searching
the resulting discrete space using any of a number of standard search techniques. Cell decomposition has been used
to address spacecraft trajectory planning problems, notably by Jackson [16] who used an A*–based search technique to
generate 6DOF trajectories for a spacecraft performing proximity operations. Roadmap methods also entail generating an
adjacency graph that represents the search space, and then using a standard graph search technique to generate a path from
the graph. Unlike cell decomposition methods, however, the graph is not the result of a discrete decomposition of the state
space. Instead, the graph attempts to capture the “inherent connectivity” of the space. Voronoi diagrams have achieved
some popularity for spacecraft trajectory planning [6], [5]. These approaches deal primarily with the obstacle avoidance
criterion. They are not fuel optimal, although the fuel use appears to be reasonable for problems requiring relatively small
separation distances. They do not deal with arrival time or endpoint criteria, and do not use realistic thruster models. They
also do not explicitly tackle realistic orbital dynamics, nor do they typically plan attitude trajectories.

Artificial potential function guidance is one of the simplest and most popular path planning methods. In its most basic
form, a mathematical function called a potential function is constructed which has a global minimum at the goal point
and a local maximum centered on each obstacle (which are assumed to be compact) [17], [18]. The path is generated
by performing a gradient descent algorithm on the potential function, and projecting the resulting path onto the underly-
ing Euclidean space (figure??). Artificial potential function guidance has also achieved some popularity for spacecraft
trajectory planning [23], [24], [27]. All of these solutions take into account realistic thrusters, stationary obstacles, and
free arrival time. They do not minimize fuel use directly, but because they use Hill’s equations and are only intended for
“short–range” proximity operations the fuel use is small. On the other hand, they are unsuitable for use in “long–range”
orbital maneuvering, do not allow for free ending location, and do not deal well with moving obstacles. None deal with
attitude planning, and hence are incapable of solving the coupled attitude/orbital problem needed to dock to a rotating
target.

2.1 Variational Techniques

The calculus of variations was developed to solve problems which require finding functions which minimize (or maximize)
specified criteria. The calculus of variations problem is [9], [21, p. 179]:

Problem 1 Given a cost functionalJ [z(t),u(t), t] =
∫ tf

t0
L[z(t),u(t), t] dt find the trajectoryz∗(t) and the control input

u∗(t) which minimize (or maximize)J [·] and which satisfy the dynamic constraintż(t) = f(z(t),u(t), t).

Common variations include adding endpoint constraints and static constraints. For trajectory planning problems, terms
which penalize fuel use, obstacle clearance distance, trajectory completion time, and so on can be included in the cost
functional. The trajectory is generated either by approximating the solution to the cost functional via B–splines or some
other approximation technique and solving the resulting optimization problem for the vector of spline weights, or by
deriving the Euler–Lagrange differential equations whose solutions minimize the cost functional and solving the associated
boundary value problem. Either solution technique can be accomplished symbolically if the cost functional contains only
quadratic terms, if the dynamic constraints are linear, and if there are no static constraints. If any of these conditions is
not met, however, as is usually the case with spacecraft obstacle avoidance problems, numerical solution techniques must
be used. Popular approaches to solving the optimization problem include gradient descent methods, notably sequential
quadratic programming (SQP). The shooting method is the most popular method for solving boundary value problems
[30, pp. 549–553]. The collocation method is another technique for solving boundary value problems which is gaining in
popularity [28].

Variational techniques have been used to solve spacecraft trajectory planning problems in a variety of forms. Simmons,
et al [29] use a gradient descent technique to search for impulsive thruster burns which solve six degree–of–freedom
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docking problems, using quaternions as the attitude parameterization. Simmons’ solution minimizes fuel use, takes into
account realistic orbital dynamics and thrusters, and allows arrival time to vary. It also avoids obstacles, although the
number of obstacles is limited. It does not allow for optimization of arrival location. It’s use of Hill’s equations makes it
unsuitable for “long–range” orbital maneuvering.

Rathinam compares the widely available RIOTS optimization package, which implements the shooting method, and
sequential quadratic programming when addressing minimum fuel orbital transfer [25]. Rathinam’s interest is in SQP, but
in this case the shooting method was superior; he conjectures that this is because “the cost is quadratic in the control forces
which are the search variable in RIOTS whereas the cost is very nonlinear in the configuration variables which are the
search variables” in his approach. Rathinam does take into account the full nonlinear orbital dynamics and allows free
arrival time, but does not address obstacle avoidance or six degree–of–freedom trajectories.

Richards, et al [26] use variational trajectory planning to generate three degree–of–freedom trajectories for a small
spacecraft performing proximity operations near the International Space Station. Their cost functional penalizes fuel use
and incorporates Hill’s equations as a dynamic constraint. Obstacles are treated as static constraints, with an additional
state variable added to the state vector for each obstacle. In constrast with normal state variables, which take on continuous
values, these variables have different binary values depending on whether or not the spacecraft is in contact with each
obstacle. They assume saturating, continuous output thrusters. They then use mixed–integer linear programming [10] to
solve the optimization problem, which results in a fast, robust algorithm. They could not, however, generate six degree–
of–freedom solutions due to the nonlinear nature of attitude kinematics. The algorithm optimizes arrival time and arrival
location. Because they do not use the nonlinear orbital dynamic equations, their approach is unsuitable for “long–range”
orbital maneuvering.

3 Mathematical Development

For this paper, a variational technique based on indirect collocation is used. The term “indirect” is used to differentiate
between methods which attempt to directly approximate the minimum of the cost functionalJ [·] in an appropriate function
approximate space, such as Sequential Quadratic Programming (the “direct” methods), and those which attempt to solve a
set of differential equations whose solutions minimize the cost functional (the “indirect” methods).

Variational trajectory planning allows fuel use and obstacle clearance distance to be traded off, and using an indirect
optimization technique allows nonlinear dynamic constraints and on–off, saturating thruster constraints to be satisfied.
In addition, both arrival time and arrival location can be optimized. Here, the mathematical underpinnings required to
implement an indirect collocation–based 6DOF trajectory planner are summarized.

3.1 Euler–Lagrange Equations

The idea behind indirect variational optimization techniques is to derive a set of differential equations whose solutions
minimizeJ [·]. First, augment the cost functional with time–varying Lagrange multipliers in order to enforce the system
dynamic constraint:

Ja[z(t), ν(t), t] =
∫ tf

t0

L[z(t), ν(t), t]

+λT (t)f(z(t), ν(t)) dt

=
∫ tf

t0

La[z(t), ν(t), t] dt

whereż(t) = f(z(t), ν(t), t). The vector of Lagrange multipliersλ(t) is called the costate vector. It can then be shown
[20, pp. 184–188] that solutions of the Euler–Lagrange equations

ż(t) = f (z∗(t), ν∗(t), t) (1)

λ̇(t) = −∂La

∂z
(z∗(t), ν∗(t), λ(t), t) (2)

minimizeJ [·] subject to the boundary constraintsz(t0) = z0, z(tf ) = zf and the dynamic constraintż(t) = f(z(t), ν(t), t)
[21, p. 179–180], [20]. Note that the Euler–Lagrange equations are coupled second–order differential equations with split
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boundary conditions. The Euler–Lagrange equations are generally nonlinear except in the special case where the system
dynamicsf(·) are linear and the cost functional contains only quadratic terms.

If the thrusters are unconstrained, the optimal control inputν∗(t) is chosen to solve [20, p. 187]

0 =
∂La

∂ν
(z(t), ν(t), t)

If the thrusters are saturating or otherwise constrained (such as bang–bang thusters) the optimal control inputν∗(t) may
be chosen according to Pontryagin’s minimum principle [20, pp. 227–236]:

La(z(t), λ(t), ν∗(t), t) ≤ La(z(t), λ(t), ν(t), t)
∀ admissible ν(t)

where an admissible control inputν(t) is any input value which satisfies the constraints. In either case it is often possible
to solve forν∗(t) explicitly in terms of the state and costate:

ν∗(t) = Υ(z∗(t), λ∗(t)) .

In order to find a unique solution to the Euler–Lagrange equations, a set of boundary conditions must also be deter-
mined. The exact form of the boundary conditions varies depending on the problem at hand, e.g. whether one is interested
in fixed or free arrival times and fixed, free, or time dependent starting and arrival locations. The specific boundary condi-
tions are specified according to the requirements of the prolem, such as a known starting locationvecvarz (t0); boundary
conditions that are less constrained, such as an arrival location which must lie on a surface, are determined according to
their constraints and the transversality condition [20, pp. 189–198]. For this paper two cases are of interest. The simplest
case, that of a fixed arrival time and fixed arrival location, leads to the boundary conditions

z(t0) = z0

z(tf ) = zf .

The case of most practical importance for spacecraft docking problems is that of a free arrival time and a time-dependent
arrival locationzf = θ (tf ), which leads to the boundary conditions [20, pp. 190–191]

La(z(tf ), ν∗(tf ), λ(tf ), tf )− λT (tf )
dθ

dt
(tf ) = 0

z(tf ) = θ(tf )
z(t0) = z0.

More care must be taken as the required boundary conditions become more complex. For instance, supposetf is fixed
andzf is constrained to lie on a surface described bym(z(t)) (as is the case with, for instance, a time–constrained orbital
transfer problem). In this case, it can be shown [20, pp. 190–191] that the transversality condition can be satisfied if and
only if the costate att = tf is a linear combination of the gradient vectors∂m1(·)/∂z, ∂m2(·)/∂z, ...,∂mk(·)/∂z of the
functionm(·), wherek is the dimensionality ofm(·). Therefore, the required boundary conditions are

m(z(tf )) = 0

−λ(tf ) =
k∑

i=1

di

[
∂mi

∂z
(z(tf ))

]
z(t0) = z0.

whered1, d2, ...,dk are constants which must be found simultaneously. Iftf is also free, then the boundary conditions are

La(z(tf ), ν∗(tf ), λ(tf ), tf ) = 0
m(z(tf )) = 0

−λ(tf ) =
k∑

i=1

di

[
∂mi

∂z
(z(tf ))

]
z(t0) = z0.
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3.2 Collocation

In order to solve the resulting boundary value problem, a variety of techniques may be used. The most popular of these is
the shooting method and its variants [30, pp. 549 – 553]. The shooting method entails determining an initial estimate for
the unknown part of the initial conditions, integrating the differential equations fromt0 to tf , and using the error between
the desired and actual final conditions to update the estimate using Newton’s method or a related method. Shooting is
considered to be quite accurate, but is sensitive to the accuracy of the estimate of the initial conditions. Unfortunately, there
is often no obvious physical significance to the costate equations, and therefore determining an accurate initial estimate
may be difficult.

The collocation method, although not generally as accurate as the shooting method, is less sensitive to the accuracy of
the initial solution estimate. The collocation method entails approximating the solution to the differential equations using
a cubic spline or other approximation technique [30, p. 548], [28], [19], [8]:

z(t) ≈ cT
z b(t) (3)

λ(t) ≈ cT
λ b(t). (4)

Here,cz andcλ are vectors of weights andb(t) is a vector of basis functions. Each basis function is centered on a “knot
point” t0, t1, . . . , tm−1, where the series of knots points discretizes time. The collocation method chooses weightscz and
cλ so that the interpolated solution satisfies the boundary conditions and satisfies (“collocates”) the differential equations
at each of the knot points:

cT
z ḃ(ti) = f

(
cT

z b(ti),Υ
(
cT

z b(ti), cT
λ b(ti), ti

)
, ti

)
cT

λ ḃ(ti) = −∂J

∂z

(
cT

z b(ti), cT
λ b(ti),

Υ
(
cT

z b(ti), cT
λ b(ti), ti

)
, ti

)
cT

z b(t0) = z0

cT
z b(tm−1) = zf

where the first two equations come from the collocation requirement and the last two ensure that the boundary conditions
are satisfied. The boundary–value problem is therefore transformed into an algebraic matrix equation (AME) which must
be solved for the weightscz andcλ. This results in4n ·m algebraic equations, wheren is the size of the system state space
andm is the number of the knots:

0 = Ψ(cz, cλ) = Ψ(ξ)

which must be solved for the weightsξ. To perform this transformation it is assumed that the right–hand side of the
differential equations are Lipshitz. For this research, the AME was solved using the Levenberg–Marquardt method, which
attempts to combine the robustness of gradient descent with the rapid convergence rate of Newton’s method.

In order to strengthen the robustness of the collocation method even further, the AME solver may be combined with
a continuation algorithm, which is often used to improve the convergence of collocation schemes for highly nonlinear
problems [8], [28], [19]. Continuation modifies the equation to be solved, for instance, by multiplying nonlinear terms in
the differential equations by a gain. The gain is first set to zero, leading to a linear problem, which can easily be solved.
At each iteration the gain is slowly increased and the solution from the previous step is used as the initial estimate for the
current step. When the gain reaches unity the solution to the original problem is found.

3.3 Attitude Representation

In order to plan 6DOF trajectories, the system state space must be augmented with a representation of attitude. All
minimal (three element) attitude representations are known to have dynamic singularities somewhere in their range. This
fact accounts in part for the popularity of non–minimal representations such as the quaternion, which does not possess any
dynamic singularities. Unfortunately, for trajectory planning problems, the use of non–minimal representations causes a
serious problem: the Jacobian of the collocation AME is singular, which presents problems for a gradient–based AME
solver such as Levenberg–Marquardt. One way to overcome these problems is to use a minimal attitude representation
with dynamic singularities in benign places. One such representation is the modified Rodrigues vector, a relatively new
three parameter representation which is formulated so that the only singularity occurs at rotations of360◦ from the origin
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[32]. The elementsσ = [σ1, σ2, σ3]T of the modified Rodrigues vector are defined in terms of the quaternion elements
q =

[
η, εT

]
as

σ =
ε

1 + η

and, conversely,

ε =
2σ

1 + σT σ

η =
1− σT σ

1 + σT σ
.

The modified Rodrigues vector can be related to the Euler axisk and angleΦ as

σ = k tan
(

Φ
4

)
which is well defined for Euler angles in the range0 ≤ Φ < 360◦. The dynamic equation for the modified Rodrigues
vector formulation is

σ̇ = Gσ(σ) ω =
1
2

(
I− S(σ) + σσT − 1 + σT σ

2
I
)

ω. (5)

3.4 Dynamic Equations

For numerical reasons, here the orbital dynamics will be expressed with respect to the position of the docking target.
Combining the two–body orbital dynamics with the modified Rodriguez vector attitude representation yields the 6DOF
dynamic equations

ż(t) =


˙̃v
˙̃p
ω̇
σ̇

 =


−µp/‖p‖3 − at(t)

ṽ
−H−1S(Hω)ω

Gσ(σ) ω

 (6)

+


R(σ)u(t)/m

0
H−1τ(t)

0


wherep̃ represents the position of the spacecraft in a nonrotating frame whose origin is coincident with the docking target,
ṽ is the associated translational velocity vector,at(t) is the acceleration of the docking target,σ is the modified Rodrigues
vector, andω is the rotational rate vector expressed in the body frame. Also,m is the mass of the spacecraft andH is
the rotational inertia vector. The matrixR(σ) is the rotation matrix that converts vectors in body coordinates to inertial
coordinates. This matrix is most conveniently expanded in terms of the equivalent quaternion as

R (q) =
(
η2 − εT ε

)
I + 2εεT − 2η S (ε) .

4 Six Degree–of–Freedom Orbital Maneuvering

To illustrate the application of these ideas to spacecraft trajectory planning, an example docking problem will be presented.
For this problem, the spacecraft will begin at a fixed position and attitude, and will be required to dock to a stationary target
in the presence of environmental obstacles. Both the docking position and attitude wil be specified; hence the problem
is a 6DOF trajectory planning problem, with the translation and attitude dynamics coupled in general. The example will
assume that no gravitational bodies are present; a fixed arrival time is also assumed.

The cost functional which will be used for this example has the form

J [·] =
∫ tf

t0

(
Lcontrol[z, ν, τ ] + Lobstacle[z] + Ltime + λT f(z, ν, τ)

)
dt
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=
∫ tf

t0

(
‖u(t)‖1 + τ(t)T Rτ(t)

+α
n∑

i=1

gi(v) hi(p) + γ + λtf(z,Ψ(z, λ))

)
dt (7)

wheref(·) represents the spacecraft dynamic equations (7),Lcontrol[·] = ‖u(t)‖1 + τ(t)T Wτ(t) penalizes control effort,
Lobstacle[·] = α

∑n
i=1 gi(v) hi(p) penalizes obstacle clearance distance, andLtime = γ penalizes completion time.

4.1 Fuel Use

A cost functional of the form

J [·] =
∫ tf

t0

‖u(t)‖1 + · · · (8)

results in minimum fuel trajectories [20, pp. 259–284]. However, the control law which results from this cost functional,

u∗i (t) =

 umax if λv,i < −1/m
0 if − 1/m ≤ λv,i ≤ 1/m

−umax if λv,i > 1/m
(9)

is discontinuous, and therefore leads to Euler–Lagrange equations whose right–hand–side is also discontinuous. To over-
come this problem, a continuous control law which approximates equation 9 is used (see figure 1):

s1 =
mumax(ε− 1)

2(e2
max − 1)ε + 2m2umax

s2 =
(umaxm2 − 1)ε + umaxm2 − 1

2m((umaxm2 + 1)ε + umaxm2 − 1)

i1 =
(2u2

maxm2 − umax)ε
(umaxm2 − 1)ε + umaxm2

i2 =
(umaxm2 − 1)ε2 − (3umaxm2 − 1)ε
2m2((umaxm2 + 1)ε + umaxm2 − 1)

ui(t) =



umax if λv,i < −2m · umax

s1λv,i + i1 if − 2m · umax ≤ λv,i ≤ −((1− ε)m · umax + ε/m)
s2λv,i + i2 if − ((1− ε)m · umax + ε/m) ≤ λv,i ≤ −1/m
− 1−ε

2m2 mλv,i if − 1/m ≤ λv,i ≤ 1/m
s1λv,i − i2 if 1/m ≤ λv,i ≤ ((1− ε)m · umax + ε/m)
s2λv,i − i1 if ((1− ε)m · umax + ε/m) ≤ λv,i ≤ 2m · umax

−umax if λv,i > 2m · umax.

(10)

where the control law exactly equals the minimum fuel law when the parameterε equals1. In most of the example in this
paper, the continuation method was used starting withε = 0 and progressed untilε ≈ 1.

A minimum energy cost functional for the rotational actuators will be used:

J [·] =
∫ tf

t0

· · ·+ ρ τ(t)T τ(t) + · · ·

whereρ is a positive constant. The resulting control law is

τ∗i (t) =

 τmax if (λT
v H−1)i < −2ρ · τmax

−(λvH−1)i/2ρ if − 2ρ · τmax ≤ (λT
v H−1)1 ≤ 2ρ · τmax

−umax if (λT
v H−1)1 > 2ρ · τmax.

(11)
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Figure 1: Control law 10 forumax = 10, m = 1.
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Figure 2: Piecewise cubic obstacle penalty function.; “Smoothed” velocity normalization function.

4.2 Obstacle Clearance

In addition to a term penalizing fuel use, a term penalizing distance to obstacles is also added to the cost functional:

J(·) =
∫ tf

t0

· · ·+
n∑

j=1

αjg
(
dr(p,pOj

, σOj
)
)

+ · · · (12)

wherepOj
denotes the position of the origin of a coordinate frame affixed to thejth obstacle,Oj , andσOj

represents the
orientation of the obstacle coordinate frame. The functiondr(·) is a distance metric from the spacecraft to the obstacle, and
is a function of the obstacle shape;αj is a constant scalar gain. The obstacle penalty functiong(·) takes on larger values as
the distance to the obstacle boundary decreases, and becomes very small or zero at some distance from the obstacle.

In order for the Euler–Lagrange equations to fulfill the Lipschitz smoothness condition,∂g(dr)/∂dr must be Lipschitz;
this is true if, for instance,g(·) is C2. One such function consists of a piecewise cubic:

dn = dr(p,pOj
, σOj

) · s

g(dn) =
{

k ·
(
a1d

3
n + a2d

2
n + a3dn + a4

)
dn < 1

0 else.

wheres determines the width of the support interval (the region whereg(·) is nonzero) by scaling the relative distancedr,
k determines the maximum height of the penalty function, and the coefficientsa1, ..., a4 are chosen such thatg(0) = k,
g(s) = 0, (∂g(dr)/∂dr)(s) = 0, and

(
∂2g(dr)/∂d2

r

)
(s) = 0; see figure 2.

Notice that there are two strategies which could be used to minimize 12. One is to reduce the obstacle clearance distance
by moving the trajectory away from obstacles. The other is to reduce the time spent close to obstacles by increasing velocity
in their vicinity (in fact, the cost can be made as low as desired simply by allowingtf → t0). Clearly, the second approach
is undesirable. A term which compensates for increased velocity relative to the obstacles is therefore needed:

J(·) =
∫ tf

t0

· · ·+
n∑

j=1

αjg
(
dr(p,pOj , σOj )

)
h
(
vr(p,pOj , σOj ,v,vOj , ωOj )

)
+ · · · (13)

wherevOj is the velocity of thejth obstacle’s coordinate frame andωOj is the rotational rate of the frame. The relative
velocity vr between the spacecraft and an obstacle is easily defined as the time derivative of the relative distance, and the
velocity normalization functionh(·) is a function which increases asvr gets larger.
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It is easy to show that in order to exactly correct for changes in velocity,h(vr) should be|vr|; unfortunately, though,
the partial derivative of the absolute value is not defined atvr = 0, which means the Euler–Lagrange equations are not
defined atvr = 0 either. To alleviate this problem, the absolute value function is “smoothed” using a patched cubic near
vr = 0:

h(vr) =
{

|vr| if |vr| > ε
b1|vr|3 + b2|vr|2 + b3|vr|+ b4 else.

where the coefficientsb1, ..., b4 are chosen so thath(ε) = |ε|, (∂h(vr)/∂vr)(ε) = 1,
(
∂2h(vr)/∂vr

)
(ε) = 0, and

(∂h(vr)/∂vr)(0) = 0 (see figure 2). Because∂2h(vr)/∂v2
r exists and is bounded, this function also satisfies the Lip-

schitz condition.

4.3 Euler-Lagrange Equations

The Euler–Lagrange equations corresponding to this cost functional are

ṗ = v

v̇ = − µ

‖p‖3
p + R(σ)u(t)

λ̇p =
(

µ

‖p‖3
I− 3µ

‖p‖5
ppt

)
λv

+
n∑

j=1

αj

(
−h(vr,j)

∂g(dr,j)
∂dr,j

∂dr,j

∂p
− ∂h (vr)

∂vr

∂vr,j

∂p
g(dr,j)

)

λ̇v = −λp +
n∑

j=1

−αj
∂h(vr,j)

∂vr,j

∂vr,j

∂v
g(dr,j)

σ̇ = Gσ(σ) ω

ω̇ = H−1 (−S(Hω) ω + τ(t))

λ̇σ = −
(

∂Gσ(σ)
∂σ

ω

)T

λσ

λ̇ω =
(

∂S(Hω) ω

∂ω

)T

H−1,T λω −Gσ(σ) λσ (14)

with u(t) computed as in equation 10 andτ(t) as in equation 11. The quantitiesg, h, andd are as defined above.

5 Results

5.1 Optimal Orbital Transfers

The first example attempts to recreate the well–known solution for minimum–fuel two–impulse orbital transfers between
coplanar circular orbits, the Hohmann transfer. Hohmann transfers assume that the spacecraft thrusters are impulsive, i.e.
that they are capable of infinite output and therefore can impart instantaneous changes in velocity. The Hohmann transfer
entails an initial burn which is parallel to the velocity vector of the spacecraft, and of a magnitude that places the spacecraft
on an elliptical transfer orbit with a periapse equal to the radius of the initial circular orbit (in this case, 1 A.U.), and
an apoapse equal to the radius of the second orbit (here, 2 A.U.). When the spacecraft has traversed a transfer angle of
180◦, and hence reached apoapse, the orbit is circularized with a burn that is, again, parallel to the velocity vector of the
spacecraft. The total delta-V for this transfer is thus≈ 1.7873 A.U./year. If the spacecraft has a mass of 1 unit and that
the spacecraft thrusters have a very high output then the total fuel required to carry out the Hohmann transfer is≈ 1.7873
units. The transfer time is≈ 0.9186 years.

In order to solve this problem using the variational techniques outlined in this paper, a cost functional must first be
specified. The cost functional

J [·] =
∫ tf

t0

‖u(t)‖1 dt. (15)
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results in minimum–fuel trajectories assuming the thrusters are aligned with the body frame and do not rotate [20, p. 261].
Applying equations 1 and 2 to this cost functional yields the Euler–Lagrange equations

v̇
ṗ
λ̇v

λ̇p

 =


−µp/‖p‖3

v

−
(

3µppT

‖p‖5 − µ
‖p‖3 I

)
λp

−λv

 +


u(t)/m

0
0
0

 . (16)

The control law (10) was used here foru(t).
For this type of problem the arrival time is free. Since both the initial and target orbits are circular, the initial position

and velocity and the start time may be assumed to be fixed without loss of generality. The final position and velocity are
required to lie on the target orbit. In order to determine the required boundary conditions for this problem a functionm(·)
wherem(z(t)) = 0 on the target orbit must be defined. One such function is

m(p,v) =


p3

v3

p · v
‖p‖ − rt

‖v‖ − vt


where the first two terms ensure that the orbit is in thex–y plane, the third ensures that the velocity vector is orthogonal
to the position vector (which is always the case for a circular orbit), and the fourth and fifth ensure that the orbit has the
required radius and velocity, which are constant for a circular orbit. For the currect example,rt = 2 andvt =

√
2π. The

boundary conditions are then found to be

p(t0) =

 0
r0

0

 (17)

v(t0) =

 v0

0
0

 (18)

‖u(tf )‖1 + λT (tf )f(p(tf ),v(tf ),u(tf )) = 0 (19)

m(p(tf ),v(tf )) = 0 (20)

−
[

λp(tf )
λv(tf )

]
= d1


0
0
1
0
0
0

 + d2


0
0
0
0
0
1

 + d3


v1(tf )
v2(tf )
v3(tf )
p1(tf )
p2(tf )
p3(tf )



+d4


p1(tf )/‖p(tf )‖
p2(tf )/‖p(tf )‖
p3(tf )/‖p(tf )‖

0
0
0

 + d5


0
0
0

v1(tf )/‖v(tf )‖
v2(tf )/‖v(tf )‖
v3(tf )/‖v(tf )‖

 . (21)

where, here,r0 = 1 andv0 = 2π.
The Euler–Lagrange equations 16 were solved subject to the boundary conditions 20 – 21. The initial solution estimate

was generated by fitting a cubic polynomial to the initial and final arrival points (which were assumed to be the known
optimal points). The optimal arrival time was initially estimated to betf = 0.9168 years. The mesh had ten nodes
uniformly distributed on[0, 1]. The resulting trajectory is shown in figure 3. The thrusters were assumed to saturate at
500,000 thrust units (a large number was chosen to approximate the impulsive thrust assumed by a Hohmann transfer),
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Figure 3: Variational transfer

and the spacecraft mass was 1 unit. Note that the trajectory found by the variational technique qualitatively resembles a
Hohmann transfer. The time of arrival was 1.008 years, slightly longer than the 0.9186 years required by the Hohmann
transfer. The total fuel required for the variational trajectory is 1.7961 units, only 0.5% higher than the Hohmann transfer.

It should be noted that this problem was solved using continuation, starting with the control law 10 parameterε set
at zero. As mentioned, asε approaches unity, control law 10 approaches the true minimum–fuel control law, and the
variational solution approaches the true Hohmann transfer trajectory. For this problem, the final solution given is for
ε = 0.999. The fact thatε cannot be exactly one because this would violate the Lipschitz assumption, as discussed above,
explains the small variation between the variational solution and a true Hohmann transfer trajectory.

5.2 Free–space Docking

This example requires the vehicle to start with zero velocity at a fixed point in space and dock with a stationary, spherical
target. The target has a radius of 0.5 units and is centered at (2.4, 3.0, 0.0). The required endoint is located at (3.0, 3.0,
0.0) with a closing velocity of (-0.5, 0.0, 0.0) units per second. The final attitude is required to be ”nose–in”, i.e. with
the x–axis of the body frame tangent to the surface of the target. Note that the endpoint does not lie exactly on the target
sphere. Ordinarily, the final part of the trajectory for a docking maneuver will be predetermined, and there is no planning to
be done. This allows the user to design a final approach which satisfies highly complex mechanical mating constraints and
safety criteria. Here it is assumed that the predetermined part of the docking trajectory begins 0.1 units from the surface
of the sphere. Consequently, instead of planning the approach all the way to the docking target, the trajectory planner is
required to find a trajectory which matches up with the start of the predetermined final approach. A similar technique is
used in the other examples as well.

A spherical obstacle with a radius of 0.3 units was placed at (4.0, 2.2, 0.0) and a box–shaped obstacle with sides of
length (2.4, 0.4, 1.0) was placed with its center at (1.0, 1.0, 0.5). The obstacle penalty function support interval was 1.0
for each obstacle. The specified completion time for this example is 10 seconds. The vehicle has a mass of one unit; its
rotational inertia matrix is the identity matrix. The thrusters are symmetric with maximum force output of 30,000 units;
the maximum torque output is 1000 units. The torque gainR = 0.1I.

The initial translational solution estimate was generated by fitting a cubic polynomial to the required initial and final
positions and velocities; the initial and final accelerations were zero. The attitude estimate similarly fitted a cubic to the
initial and final modified Rodriguez parameters and their first derivatives. The initial knot points for the spline used by
bvp4c were uniformly spaced.

The resulting trajectory is shown in figure 4. This trajectory required a total force of 2.98 units and a total torque of
0.121 units.
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Figure 4: Trajectory plot for example 1 with stationary obstacles. Body axes shown at one second intervals.

5.3 Moving Obstacles

The trajectory planning algorithm is also able to deal with translating and rotating obstacles. To demonstrate this, the
spherical obstacle in the previous example was modified to translate and the box–shaped obstacle was modified to translate
and rotate. The motion of the obstacles is such that each of them would collide with the spacecraft if it were following
the trajectory found in the previous example. Figure 5 shows both the trajectory from the previous example and the new
trajectory. As shown, the trajectory planner has modified both the shape of the path and the velocity profile of the spacecraft
in order to avoid the obstacles and still dock to the target in the specified time. The force required for this trajectory is 3.03
units; the required torque is 0.133 units.

This example demonstrates that the trajectory planner can successfully find trajectories which fulfill given task con-
straints, including specified initial and final positions and orientations and specified completion time. These requirements
can be met even in the presence of moving obstacles, at the cost of somewhat increased fuel use. Finally, the example
shows that the planner can find solve problems which require both attitude and translational maneuvering.

5.4 Orbital Docking

One of the most common methods used to dock the Space Shuttle Orbiter to the International Space Station is via an r–bar
approach. During this type of approach the orbiter is required to approach the ISS along the ISS radius vector because
along this vector orbital dynamics provide a natural braking force, allowing the approach to proceed without concern for
plume impingements.

This example demonstrates such an approach. The ISS is assumed to be in a 388.92 km (210 n.m.) circular orbit with
a pitch rate synched to the orbital rate, so that the station maintains a constant orientation with respect to the surface of the
Earth. The orbiter begins the approach from the MC4 point, which is located 274 meters (900 feet) below and 549 meters
(1800 feet) behind the ISS, with the relative velocity and rotational rates nulled. The orbiter orientation is nose forward,
belly down [11]. The orbiter is required to dock to a target located at the midpoint of the ISS main truss. The target is
oriented facing the earth. The required final orientation is nose forward, belly down.

Corresponding with NASA protocol, an approach corridor was added as a constraint. The approach corridor consists of
two virtual rectangular obstacles which are located in front of and in back of the docking target and extend 200 meters below
the truss. At the its opening, the obstacles are approximately 150 meters apart; at the terminal end they are approximately
9 meters apart. Note that because the trajectory planner penalizes obstacle approach distance more highly as the distance
becomes smaller, the effective width of the approach corridor is smaller than the actual distance between the two obstacles.
The obstacles are each 60 meters wide. The approach corridor is shown in figure 6. The obstacle avoidance gain for the
corridor obstacles was set atα = 1000. The ISS model is shown in figure 6. The approach corridor is shown in wireframe
to emphasize the fact that the approach corridor obstacles are virtual and do not represent physical objects.

For this example the orbiter mass was assumed to be 117,000 kgs. The rotational inertias wereIxx = 1.29 × 106,
Iyy = 9.86× 106, andIzz = 10.1× 106 N−m/s2. The orbiter main OMS thrusters were assumed to be disabled; this is in

12



−0.5
0

0.5
1

1.5
2

2.5
3

3.5
4

4.5

−1

−0.5

0

0.5

1

1.5

2

2.5

3

3.5

−0.5
0

0.5
1

1.5

−0.5
0

0.5
1

1.5
2

2.5
3

3.5
4

4.5

−1

−0.5

0

0.5

1

1.5

2

2.5

3

3.5

−0.5
0

0.5
1

1.5

−0.5
0

0.5
1

1.5
2

2.5
3

3.5
4

4.5

−1

−0.5

0

0.5

1

1.5

2

2.5

3

3.5

−0.5
0

0.5
1

1.5

t = 0 seconds t = 1 seconds t = 2 seconds

−0.5
0

0.5
1

1.5
2

2.5
3

3.5
4

4.5

−1

−0.5

0

0.5

1

1.5

2

2.5

3

3.5

−0.5
0

0.5
1

1.5

−0.5
0

0.5
1

1.5
2

2.5
3

3.5
4

4.5

−1

−0.5

0

0.5

1

1.5

2

2.5

3

3.5

−0.5
0

0.5
1

1.5

−0.5
0

0.5
1

1.5
2

2.5
3

3.5
4

4.5

−1

−0.5

0

0.5

1

1.5

2

2.5

3

3.5

−0.5
0

0.5
1

1.5

t = 3 seconds t = 4 seconds t = 5 seconds

−0.5
0

0.5
1

1.5
2

2.5
3

3.5
4

4.5

−1

−0.5

0

0.5

1

1.5

2

2.5

3

3.5

−0.5
0

0.5
1

1.5

−0.5
0

0.5
1

1.5
2

2.5
3

3.5
4

4.5

−1

−0.5

0

0.5

1

1.5

2

2.5

3

3.5

−0.5
0

0.5
1

1.5

−0.5
0

0.5
1

1.5
2

2.5
3

3.5
4

4.5

−1

−0.5

0

0.5

1

1.5

2

2.5

3

3.5

−0.5
0

0.5
1

1.5

t = 6 seconds t = 7 seconds t = 8 seconds

−0.5
0

0.5
1

1.5
2

2.5
3

3.5
4

4.5

−1

−0.5

0

0.5

1

1.5

2

2.5

3

3.5

−0.5
0

0.5
1

1.5

−0.5
0

0.5
1

1.5
2

2.5
3

3.5
4

4.5

−1

−0.5

0

0.5

1

1.5

2

2.5

3

3.5

−0.5
0

0.5
1

1.5

t = 9 seconds t = 10 seconds

Figure 5: Moving obstacles. Darker trajectory is for moving obstacle case. Lighter trajectory is for nominal, stationary
obstacle case, and is presented for comparison.
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Figure 6: International Space Station model for Example 2, showing approach corridor.

keeping with NASA standard procedure, which stipulates that only the RCS thrusters are to be used for ISS final approach.
The shuttle thruster model is slightly unrealistic, however, in that here the thrust was assumed to be symmetric in both the
positive and negative body axis directions. RCS engines output 3870 Newtons of thrust each; this example assumes six
thrusters aligned along each body axis, for a total thrust output of±23, 220 Newtons. Also unlike the real orbiter, here
the force and torque capabilites are assumed to be decoupled, as if reaction wheels or control–moment gyros were being
used to control the shuttle attitude. Here the torque output is assumed to beτroll = ±1484 N–m, τpitch = ±7632 N–m,
τyaw = ±7632 N–m.

This planning task is carried out using the relative dynamic formulation given in equation 7. The completion time was
free, with an initial estimate oftf = 2200 seconds. The torque gain was 10; the completion time penalty gainγ was 0.5.
Here continuation was used on both the obstacle penalty gain and the AME solution accuracy (all but the last continuation
iterations operated with a fairly loose solution tolerance; a final pass improved the accuracy). The obstacle support interval
was 0.1 km. It was found that the trajectory planner converges to the correct solution much more quickly if the various
parts of the state are normalized; therefore, the problem was formulated in the planner using units of kilometers, hours, and
orbiter mass units. The data presented here have been converted back to seconds and kilograms, however.

The initial estimate used here was computed by first solving the problem without the approach corridor in place; the
continuation schedule used for this computation wasα = (0, 2.5); ε = (0, 0.9, 0.99, 0.995, 0.999). For the second step of
the solution, with the approach corridor in place, continuation was used on the width of the approach corridor.

The trajectory found by the trajectory planning algorithm is shown in figure 7. Note that this plot is expressed in the
ISS body frame, which is rotating with respect to the inertial. It is important to note, however, that since the planning
algorithm works in a reference frame which is fixed to the target frame but which is non-rotating, the approach corridor is
in fact rotating in pitch at−2π radians every orbital period. Thus the trajectory planner successfully found a collision–free
trajectory which traverses a tightly constrained, moving corridor.

Although not a primary concern for orbiter docking maneuvers, the completion time of 2383 seconds (39.71 minutes)
compares favorably to the pilot–flown approach, which requires approximately 4020 seconds (67 minutes) from the MC4
point. The total force required for the approach is 138,941 Newton–seconds.

A nominal pilot–flown approach uses 114 kgs of fuel on average. The orbiter RCS engines use a nitrogen tetrox-
ide/monomethyl hydrazine fuel–oxidizer mix, which attains a specific impulse of 260–280 seconds. The pilot–flown
approach should therefore require approximately 291,544 Newton–seconds of thrust [11]. The trajectory planner thus com-
pares quite favorably with human–piloted approaches. By way of comparison, a pure impulsive transfer from the orbiter’s
initial orbit to its required final orbit which ignores the phasing requirements with the ISS requires 72,823 Newton–seconds
of thrust.
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Figure 7: Realistic Space Shuttle Orbiter/International Space Station r–bar approach with approach corridor. Body axes
are shown at approximately 60 second intervals. Trajectories are shown with respect to the rotating ISS body frame.

Figure 8: Tumbling satellite model. Satellite is rotating in pitch at1.14×10−3 radians per second and in yaw at5.2×10−2

radians per second. Initial orbital velocity is in the +Z direction.

5.5 Docking to a Tumbling Target

The final example demonstrates a realistic task for a robotic satellite servicer which is beyond the ability of current space-
craft trajectory planners. A satellite which is in the same orbit as the ISS but which is trailing the station by approximately
63 kilometers has malfunctioned and started to tumble. The satellite is modelled as a three meter wide sphere with solar
panels extending 7 meters beyond the body of the satellite along the Y axis. The solar panels are three meters high. The
docking point on the satellite is located on the main body exactly between the solar panels. The pitch rate of the satellite
with respect to the inertial is zero, which implies a pitch rate of approximately1.14 × 10−3 radians per second (one full
rotation every 92 minutes) with respect to the ISS. The satellite also has a yaw rate of approximately5.2 × 10−2 radians
per second (one full rotation every two minutes). The trajectory planner is required to find a trajectory which begins with
the servicer docked to a point on the ISS located 10 meters from the center of the ISS truss, facing the Earth, and which
ends with the servicer docked to the tumbling satellite. The satellite is shown in figure 8.

The robotic servicing vehicle is assumed to have a mass of 2000 kgs and rotational inertias ofIxx = Iyy = Izz =
3200 N−m/s2. The maximum force output is±1000 N along each axis, and the maximum torque output is±2000 N–m.
The torque penalty gain was 10 and the time gainγ was 0. As in the previous example, the problem was formulated in
nonstandard units: here, kilometers, minutes, and servicer mass units were used. Again, the data have been converted back
into standard units for presentation purposes.

The results are shown in figure 9. This trajectory requires 81,611 Newton–seconds of thrust and 66.5 Newton–meter–
seconds of torque. The entire maneuver takes 2728 seconds (45.46 minutes). The overall orbital intercept trajectory is
shown in figure 9. A time sequence of the terminal phase approach to the satellite is shown in figure 10. Close examination
shows that the servicer “spins up” in order to match the yaw rotational rate of the satellite for several minutes prior to
docking.

This example demonstrates clearly that the trajectory planner can solve problems which require high levels of coordi-
nation between translational and attitude maneuvers. As in the previous example, it can also find trajectories which satisfy
realistic bang–coast–bang thruster constraints. Finally, this example shows that the trajectory planner can solve problems
which require the spacecraft to move over distances large enough that Hill’s equations and other linearized relative orbital
equations of motion are not valid. Thus, the trajectory planner can solve problems which are beyond the ability of any
previously described orbital trajectory planner.
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Figure 10: Satellite servicer approach trajectory. Body axes shown every 2 seconds.
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6 Conclusion

As the examples demonstrate, the variational trajectory planning algorithm developed in this dissertation fulfills the re-
quirements set forth in the introduction. In particular, the algorithm can

• find free paths in the presence of stationary or moving obstacles

• find minimum–fuel trajectories even in the presence of gravitational fields and other environmental forces

• deal with a wide range of endpoints constraints and time scales

• take into account realistic spacecraft dynamic models

• take into account realistic thrusters, including bang–coast–bang thrusters

Also, notably, the dynamic models used here are not the linearized dynamics used in many spacecraft trajectory planners.
As a consequence, the algorithm can find minimum–fuel trajectories over much larger separation distances than most other
trajectory planners. Also, the variational trajectory planner is not limited to translational trajectory planning; as the last
example demonstrates, the algorithm can solve problems which require tightly coupled translation and rotation. These
capabilities, taken as a whole, indicate that the variational trajectory planning algorithm described here is more capable
than any spacecraft trajectory planner currently extant in the literature.
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